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ABSTRACT

This study investigates consumer satisfaction with Artificial Intelligence (Al)-driven chatbots compared to
traditional Customer Relationship Management (CRM) tools within the Egyptian market. Grounded in Social
Information Processing (SIP) Theory and the Technology Acceptance Model (TAM), the research explores how
efficiency, personalization, and perceived usefulness shape consumer experiences. A mixed-method approach
was employed, combining survey data from 200 Egyptian consumers—primarily from Gen Z and Millennials—with
expert interviews from marketing professionals and system developers. Findings reveal that while chatbots excel
in cost-effectiveness, speed, scalability, and 24/7 availability, they fall short in empathy, contextual adaptation,
and trust-building, areas where traditional CRM remains superior. The study highlights a consumer preference
for hybrid approaches that integrate both chatbots and human agents according to service needs. Ultimately,
the research concludes that while Al-enabled chatbots significantly enhance operational efficiency and data-
driven personalization, traditional CRM remains indispensable for fostering long-term trust and loyalty. These
insights provide theoretical contributions to communication and adoption models, as well as practical guidance for
businesses seeking to balance automation with human-centered service strategies.

Keywords: Atrtificial Intelligence, Consumer Satisfaction, Consumer Awareness, Chatbots, Digital Applications, Marketing
Development, and Traditional Customer Relationship Management.

1. INTRODUCTION

1.1 Background of the Study or sending an email, and you don’t even know if they will

reply to your request to help, or it’s just a number added

In the era where technology has taken place in
everything all over the world, and specifically in
Egypt. The industry of marketing has had an added
technological variable after the advent of the Artificial
intelligence (Al) aims to enhance services and increase
the number of consumers in each company, as we
all know that sometimes one of the most challenging
aspects of post-purchase processes be contacting
customer service through call centers or engaging in
traditional Consumer Relationship Management (CRM)
methods such as emails, calls, or live chats with human
agents. Sometimes the process becomes necessary
even if you are frustrated from sitting along the way on
the other side of the call waiting for someone to answer

to their notifications that they will never open to respond.
Thus, based on the digital era we are living in, some
companies have developed the feature of chatbots to
go against the traditional CRM. Conversational agents
(CAs), also known as chatbots, are computer systems
that contain natural language processing to engage in
conversations with human users. CAs are frequently
called chatbots that are used for many applications,
including technical support, customer service, and
digital personal assistants (Schuetzler, Grimes, and
Giboney 2020). Brands are increasingly using chatbots
to complement and even replace human agents in
service interactions (Roy and Naidoo 2021). Recent
developments in artificial intelligence (Al) and natural
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language processing have made it possible for these
agents to provide services that are comparable to
those of human agents while also providing a number
of advantages, including ease of use, 24/7 availability,
and prompt responses (Thomaz et al. 2020; Gelbrich,
Hagel, and Orsingher 2021), and lower costs for the
brands (Sands et al. 2020). Even though chatbots
are becoming common in company operations, some
customers are still wary of them and are hesitant to
interact with them (Van Pinxteren, Pluymaekers, and
Lemmink 2020), as given by research reporting a
higher preference for human interaction, as compared
to chatbot-based conversations (Adam, Wessel, and
Benlian 2021).

Some studies suggest that brand managers should
enhance the humanity of chatbots, and have
examined how identity cues, visual cues, genders, and
conversational cues such as human names, human
figure or even conversation skills shape consumer
attitudes and behaviors (Araujo 2018; Go and Sundar
2019; Schuetzler, Grimes, and Giboney 2020; Sheehan,
Jin, and Gottlieb 2020; Borau et al. 2021; Shumanov
and Johnson 2021). On the other hand, other research
argues that chatbots’ social-oriented communication
style increases customer satisfaction, and customers’
warm perceptions of the Chatbot mediate this effect.
They further argue that the warmth perceptions of the
chatbots depend on an individual's attachment anxiety
(Luo et al. 2022).

Recent technological developments have completely
changed the way customer care is provided. Chatbot-
powered digital applications and websites are now
posing a threat to traditional CRM methods such as
email, call centers, and live chat with human agents.
Businesses are using chatbots more frequently in
Egypt, where the use of technology is growing quickly,
as a more affordable and effective substitute for
conventional customer support techniques. However,
the effectiveness of these digital solutions in meeting
consumer expectations and enhancing satisfaction
remains unknown. Understanding and contrasting
customer satisfaction levels between chatbot-driven
digital apps/ websites and traditional CRM methods
within the Egyptian market environment is the focus
of the research challenge. For commercial companies
and marketers looking to maximize their customer
service strategies and manage resources efficiently,
this comparison is essential.

One key dimension of the research problem is evaluating
the effectiveness of different customer service channels.
This includes comparing chatbot-based interactions
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with traditional CRM approaches in terms of their ability
to address customers’ needs and resolve their issues.
The first area focuses on customer perception and
satisfaction, examining preferences, attitudes, and the
extent to which each service type fulfills expectations.
The second area considers the impact on marketing
development, exploring how varying satisfaction levels
shape marketing strategies and contribute to Egypt’s
broader economic growth. A third aspect relates to
technology adoption in Egypt, assessing consumers’
readiness to embrace digital support solutions such
as live chat and automated bots. Finally, the research
investigates the improvement of customer support
methods, offering insights and recommendations
to help organizations enhance their service quality,
increase satisfaction, and strengthen brand reputation.
By integrating these themes, the study seeks to deepen
understanding of how companies can effectively utilize
customer service channels to better serve Egyptian
consumers—ultimately supporting competitive
advantage, marketing progress, and organizational
development in an increasingly challenging market
environment.

1.3.1 Theoretical Significance

. Contributes to understanding how Al-driven
chatbots differ from traditional CRM techniques
in satisfying customers.

. Adds to knowledge on consumers’ behavior in
high-context cultures where human contact and
emotional connection are paramount.

) Examines the dynamics between automation,
emotional intelligence, and  satisfaction,
developing technology acceptance and service
communication theories.

. Provides a platform for hybrid customer service
models to combine human and Al interaction
within a cultural context.

1.3.2 Practical Significance

. Helps in assessing the effectiveness of chatbot
adoption in improving customer satisfaction in
the Egyptian market.

. Offers guidance on when to use chatbots vs.
human agents, suggesting an optimal hybrid
model for different service levels.

. Supports decision-making in resource allocation
and balancing cost efficiency with service quality.

. Assists companies in balancing digital
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transformation  strategies  with Egyptian
customers’ cultural and behavioral tendencies.

1. To examine the operational efficiency of consumer
service channels according to the accuracy,
speed, and effectiveness of solving problems,
and to compare scalability and accessibility in
both traditional CRM and chatbots.

2. To evaluate user experience and satisfaction
levels across both methods based on overall
quality and ease of use.

3. To examine cost effectiveness, considering
potential savings from reduced staffing needs
and increased automation.

4. To evaluate the impact on customer retention and
loyalty by exploring which method leads to higher
consumer satisfaction.

5. To investigate how the use of chatbots can provide
predictive analytics to anticipate customer needs
and proactively address issues.

Traditional Customer Relationship Management (CRM)
tools like email support, call centers, and live chat with
human agents have been around for decades. These
tools have evolved to meet the growing demands of
consumers and to improve customer satisfaction by
addressing the basics of communication and problem
resolution in a personal way.

Email support is still a part of traditional CRM because
of its asynchronous nature, which gives flexibility
to both customers and service agents. It allows for
detailed questions to be answered comprehensively,
but with potential delays in response time and risk of
miscommunication. Despite the drawbacks, email
support is good for less urgent issues, has a written
record of communication that's useful for both parties
(Verhoef and Lemon 2016; Payne and Frow 2017).

Call centers have traditionally provided a more
immediate form of customer service through real-time
interaction. Being able to talk to a human agent allows
for clearer communication and immediate feedback,
which boosts customer satisfaction. But call centers
are often costly to operate and require a lot of human
resources to be efficient and effective (Kumar and

Reinartz 2018). Moreover, the quality of service in call
centers can vary depending on the agent’s skills and
attitude (King and He 2014; Venkatesh, Thong, and Xu
2016).

Live chat support integrates the real-time
responsiveness of call centers with the convenience of
text-based communication, making it a popular choice in
the digital era. Live chat offers immediate solutions and
a personalized touch, which studies have shown can
significantly enhance customer satisfaction and loyalty.
The interactive nature of live chat provides an engaging
customer experience that can quickly address consumer
issues and foster positive interactions (Gelbrich, Hagel,
and Orsingher 2021; Sands et al. 2020). However, live
chat systems can also face challenges when dealing
with high volumes of inquiries, leading to potential
delays and reduced satisfaction rates (Adamopoulou
and Moussiades 2020). Despite their benefits, traditional
CRM tools are not without limitations. They require a
balance between human interaction and operational
efficiency, which can be challenging to maintain. High
customer inquiry volumes can overwhelm call centers
and live chat systems, resulting in longer wait times
and potentially lower satisfaction rates. Additionally,
integrating these tools with modern digital platforms
to ensure seamless communication across various
channels remains a complex and resource-intensive
task for businesses (Dwivedi et al. 2019).

In conclusion, traditional CRM tools have significantly
shaped consumer satisfaction by providing reliable
and personalized customer service. As consumer
expectations evolve, businesses must balance the
strengths of these traditional tools with the efficiency and
scalability offered by emerging technologies such as Al-
driven chatbots. By doing so, they can enhance overall
consumer satisfaction and maintain a competitive edge
in the dynamic landscape of customer service (Hsu and
Lin 2023; Sun, Li, and Yu 2022).

In recent years, consumer satisfaction has become
a key topic in customer relationship management,
particularly with the rise of digital technologies such as
Al and chatbots. Gelbrich, Hagel, and Orsingher (2021)
examine the role of digital assistants in technology-
mediated services and how they provide emotional
support while impacting customer satisfaction and
behavioral persistence. Their research demonstrates
that digital assistants canincrease customer satisfaction
by offering personalized and emotionally supportive
interactions, which traditional CRM tools may not
provide. Similarly, Ashfaq, Yun, Yu, and Loureiro
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(2020) investigate the sustainability of chatbots in
customer service and their efficiency and effectiveness.
Their study shows that chatbots can meet consumer
expectations for immediate and accurate responses,
thereby enhancing satisfaction, and emphasizes that
chatbot functionalities must align with consumer needs
to ensure ongoing satisfaction and loyalty.

Additionally, Luo, Tong, Xia, and Liu (2022) explore
the impact of communication style and consumer
attachment anxiety on satisfaction with chatbots. Their
findings indicate that chatbots using a socially oriented
communication style can increase perceived warmth
and satisfaction, particularly for consumers with high
attachment anxiety who value emotional connection
in service experiences. Overall, these studies indicate
that consumer satisfaction is heavily influenced by
chatbot capabilities and communication style. The
ability of chatbots to provide personalized, emotionally
supportive, and efficient service is crucial to enhancing
satisfaction compared to traditional CRM tools (Ashfaq
et al. 2020; Gelbrich et al. 2021; Luo et al. 2022).

According to Schuetzler, Grimes, and Giboney (2020),
chatbots are natural language computer systems that
communicate with clients via text-based dialogues,
without any physical embodiment, unlike service robots
that have personifications (Séderlund and Oikarinen
2021). Chatbots differ from self-service technologies
because they can engage with clients on a social level
by imitating human conversation (Pizzi et al. 2021).
However, current customer care chatbots are low-
end Al programs with limited capacity for learning and
adaptation.

Researchers have long worked to make chatbots
more humanized (Schuetzler et al. 2020; Roy and
Naidoo 2021), discovering that giving chatbots human
characteristics improves positive experiences and
emotional connectedness (Adam et al. 2021). Studies
have also explored how identity cues, such as human
names or visual representations, influence consumer
attitudes and behaviors (Van den Broeck et al. 2019).
Identity signals are generally considered more important
than other humanness cues, such as language.
Human-like language, interactivity, conversational
skills, emotional support, and communication style
all play a role in shaping consumer experiences (Go
and Sundar 2019; Schuetzler et al. 2020; Sheehan et
al. 2020; Gelbrich et al. 2021; Roy and Naidoo 2021;
Shumanov and Johnson 2021).

Communication style is the most controllable aspect
of chatbot design (Thomas et al. 2018; Thomaz et
al. 2020). Consumer responses can be influenced by
multiple parameters, and prior research indicates that
conversational tone, warmth, and social orientation
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significantly affect perceptions and brand engagement
(Bleier et al. 2019; Roy and Naidoo 2021; Wilson-Nash
et al., 2020). Despite this, the role of social orientation
in relationship-building remains underexplored (Huang
and Rust 2021). Therefore, this study focuses on two
dimensions of chatbot communication: task-oriented
and social-oriented. Social-oriented chatbots prioritize
emotional needs, rapport-building, and casual relational
dialogue, whereas task-oriented chatbots emphasize
efficiency, goal completion, and formal task-focused
conversation (Song et al. 2022; Chattaraman et al.
2019). Both styles satisfy utilitarian needs, but social-
oriented interactions may also address social needs,
sometimes at the expense of speed.

The introduction of Al-powered chatbots marks a new
phase in customer relationship management (CRM).
Businesses are increasingly comparing chatbots with
traditional CRM solutions such as email, call centers,
and live chat. While both aim to increase consumer
satisfaction, they differin efficiency, cost, personalization,
and long-term loyalty outcomes. This section provides
a comparative analysis of chatbots and traditional CRM
solutions, highlighting their respective strengths and
limitations in driving customer satisfaction.

1. Efficiency and Responsiveness

One of the greatest advantages of chatbots is their
responsiveness, offering instant 24/7 feedback, reduced
wait times, and rapid problem-solving (Adamopoulou
and Moussiades 2020). Unlike human CRM channels,
which can face delays due to agent availability,
chatbots can handle multiple queries simultaneously
without compromising speed (Ashfaq et al. 2020).
However, while chatbots excel with standard inquiries,
complex or emotionally charged problems often require
human judgment (Luo et al. 2022). Traditional CRM
capabilities, such as live chat and call centers, provide
real-time human contact, which can lead to more
effective problem resolution and higher satisfaction in
sensitive situations (Gelbrich et al. 2021).

2. Cost-Effectiveness and Scalability

Chatbots are a cost-effective alternative to traditional
CRM because they reduce labor costs and can scale
efficiently during peak demand (Dwivedi et al. 2019).
Companies employing chatbots experience significant
cost savings, particularly in high-volume sectors such
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as e-commerce and telecommunications (Hsu and
Lin 2023). Nevertheless, traditional CRM remains
essential in contexts requiring individualized service
and emotional understanding, such as healthcare
and luxury retail (Kumar and Reinartz 2018). The
challenge for businesses is balancing automation and
human interaction to optimize both cost and customer
satisfaction.

3. Impact on Customer Retention and Loyalty

Customer retention depends heavily on service quality.
Research indicates that chatbots improve consistency
and availability but may fall short of building the emotional
connections that foster long-term loyalty (Roy and
Naidoo 2021). Advanced CRM interfaces, including live
chat and call center support, facilitate rapport-building
and personalized interactions, which strengthen brand
loyalty (Gelbrich et al. 2021). Poor human interactions,
such as inexperienced agents or long hold times, can
negate these benefits (Venkatesh et al. 2016). Hybrid
approaches, where routine questions are handled by
chatbots and complex issues by humans, leverage the
strengths of both systems (Sheehan et al. 2020).

4, Predictive Analytics and Proactive Service

A major advantage of chatbots is their ability to use
predictive analytics to anticipate customer needs.
Unlike reactive traditional CRM, Al chatbots can
analyze past interactions to provide personalized
recommendations or prevent issues before they occur
(Sun et al. 2022). This proactive approach enhances
customer satisfaction by reducing friction across the
customer journey (Sands et al. 2020). Nevertheless,
data privacy and algorithm fairness concerns may affect
consumer trust in fully automated solutions (Schuetzler
et al. 2020).

5. Contextual Drivers Affecting Satisfaction

Chatbot performance relative to traditional CRM varies
according to industry and customer needs:

¢ High-touch industries (e.g., healthcare,
hospitality): Human agents remain preferred due
to empathy and complex decision-making (Luo et
al. 2022).

¢ Transactional businesses (e.g., banking, retail):
Chatbots are sufficient for simple tasks such as
balance inquiries or order status updates (Ashfaq
et al. 2020).

. Hybrid preference: Younger, tech-savvy
customers may favor chatbots for speed, while
older clients often prefer human interaction (Hsu
and Lin 2023).

Chatbots are neither inherently superior nor inferior
to traditional CRM; their effectiveness depends on
alignment with business goals and customer needs.
While chatbots excel in productivity and cost reduction,
legacy CRM systems provide essential emotional
intelligence in high-stakes interactions. The future of
CRM will likely integrate chatbots for efficiency and
human agents for relationship-building (Sheehan et al.
2020). Continuous monitoring of customer satisfaction
metrics is crucial to ensure that technology enhances
rather than replaces the human side of customer
service (Huang and Rust 2021).

2.4.1 Social Information Processing (SIP) Theory

Social Information Processing (SIP) Theory was
developed by Joseph Walther (1992). It challenges the
assumption that computer-mediated communication
(CMC) is inherently inferior to face-to-face interaction
for relationship-building. SIP argues that users adapt
to text-based communication over time, using linguistic
and contextual cues to form impressions and develop
trust (Walther, 1992; Walther and Parks, 2002).
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Figure 3.1: Original SIPT process model showing how
CMC leads to relationship development over time. (1992,
Walther)

SIP theory provides a framework for understanding how
consumers perceive and adapt to chatbot interactions
compared to traditional human-operated CRM. Below
is its application to the study’s key themes:

1. Efficiency vs. Relational Depth

Chatbots: SIP explains why users may initially distrust
chatbots due to their lack of human cues but gradually
adapt as they recognize efficiency benefits (e.g., quick
responses, 24/7 availability) (Ashfaq et al. 2020).

Traditional CRM: Human agents leverage vocal tone
and empathy, aligning with SIP’s acknowledgment of
cue-rich communication for complex issues (Gelbrich
et al. 2021).
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2. Adaptation to Text-Based Interaction

SIP predicts that consumers redefine satisfaction
metrics for chatbots, prioritizing speed and accuracy
over emotional connection (Walther 1992). Example:
A banking chatbot resolving an issue in seconds may
satisfy users despite lacking warmth (Kumar and
Reinartz 2018). However, relational chatbots (e.g.,
those with social-oriented communication styles) can
mimic SIP’s hyperpersonal effects by using personalized
language (Luo et al. 2022).
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Figure 3.2: Hyperpersonal Model of CMC (1996, Walther).
Extension of SIPT, showing selective self-presentation,
idealization, asynchronous channel, and feedback loop.

3. Trust and Long-Term Loyalty

SIP suggests trust in chatbots builds cumulatively
through consistent, reliable interactions (Walther and
Parks 2002). Contrast: Traditional CRM fosters trust
through immediate emotional reciprocity (e.g., a call
center agent expressing empathy) (Venkatesh et al.,
2016). Chatbots may struggle with high-stakes scenarios
(e.g., complaints) where SIP’s cue compensation is
insufficient (Sheehan et al. 2020).

4. Predictive Analytics as a SIP Enhancer

SIP aligns with chatbots’ use of data-driven
personalization (e.g., past interaction history) to
simulate “relational” communication (Sun et al. 2022).
Example: A chatbot addressing a user by name and
referencing past purchases mimics SIP’s hyper-
personal adaptation.

SIP assumes users will always adapt to CMC, but
some consumers (e.g., older demographics) may reject
chatbots regardless of efficiency (Hsu and Lin 2023). It
works best for text-dominant interactions; chatbots with
poor NLP may fail to meet SIP’s adaptation thresholds
(Adamopoulou and Moussiades 2020).

In Conclusion, SIP’s Relevance to the Study justifies
why chatbots can achieve comparable satisfaction to
traditional CRM if designed effectively: For efficiency-
focused industries (e.g., e-commerce), SIP explains
user acceptance of chatbots despite low social
presence. For relational industries (e.g., healthcare),
SIP highlights the need for hybrid models where
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chatbots handle routine tasks, and humans manage
complex issues. By integrating SIP, this study can
empirically test whether consumers adapt to chatbots
or still prefer human agents.

2.4.2 Technology Acceptance Model (TAM)

The Technology Acceptance Model (TAM), developed
by Fred Davis in 1985, is a foundational framework for
understanding user adoption of technology. Rooted in
the Theory of Reasoned Action (Ajzen and Fishbein
1975), TAM identifies two primary determinants of
technology acceptance: Perceived Usefulness, the
degree to which a user believes a technology will
enhance their performance. And Perceived Ease of
Use, the extent to which a user expects the technology
to be free of effort (Davis 1985; Davis et al. 1989).
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Figure 3.3: The basic TAM framework: External variables —
PEOU & PU — Attitude — Behavioral Intention — Actual
Use.

The study leverages TAM to evaluate consumer
satisfaction by comparing chatbot-driven CRM and
traditional CRM tools across two dimensions:

1. Perceived Usefulness in Issue Resolution
Chatbots
° Strengths: 24/7 availability, instant responses,

and scalability (Ashfaq et al. 2020).

) Weaknesses: May struggle with complex or
emotionally charged issues (Luo et al. 2022).

Traditional CRM (Call Centers, Live Chat, Email):

° Strengths: Human empathy, nuanced problem-
solving (Gelbrich et al. 2021).

° Weaknesses: Slower response times, higher
operational costs (Kumar and Reinartz 2018).

2. Perceived Ease of Use in User Interaction

° Chatbots: Intuitive Ul, but may frustrate users
with rigid scripts or poor NLP (Adamopoulou and
Moussiades 2020).

° Traditional CRM: Familiarity benefits (e.g., phone
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calls), but long wait times reduce ease (Venkatesh et al 2016).
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Figure 3.4: Further extension with determinants of PEOU (computer self-efficacy, anxiety, enjoyment, objective usability)

TAM’s Role in Predicting Satisfaction & Adoption with
chatbots: High ease of use (if well-designed) and
usefulness (for routine queries) drive adoption (Hsu
and Lin 2023). But with traditional CRM, it has High
usefulness for complex issues but lower ease of use
due to inefficiencies (Dwivedi et al. 2019). On the other
hand, Consumers may prefer chatbots for speed but
switch to humans for high-stakes interactions (Sheehan
et al. 2020).

1. How do perceived usefulness and cue adaptation
shape consumer preferences for Chatbot vs.
traditional CRM in resolving issues in operational
efficiency and customer perceived effectiveness?

2. Which factors (e.g., ease of use, relational depth)
most influence satisfaction with each CRM
method?

3. How do cost-effectiveness, customer retention,
and trust-building over time compare between
Chatbot and traditional CRM?

H1: Chatbot CRM is perceived as more useful for
efficiency (faster responses, 24/7 availability) but less
rich in cues for complex issues, moderating adoption
by task type.

H2: Higher ease of use and personalization, hyper-
personal adaptation in chatbots jointly increase
satisfaction, especially for younger demographics.

H3: Chatbot CRM’s cost-effectiveness and predictive
analytics boost retention, but human CRM retains
loyalty where perceived risk is high.

This study utilized a sequential mixed-methods
research design. This approach involved collecting and
analyzing quantitative data first, followed by qualitative
data collection to help explain and elaborate on the
quantitative findings. The rationale for this design was
to use the initial survey to identify broad patterns and
trends in customer satisfaction and then use in-depth
interviews to explore the underlying reasons and
contextual factors behind these patterns.

Three supplementary methods were utilized:
Phase One: Exploratory Survey

o Objective: To identify the most prevalent and
suitable industry sector (e.g., e-commerce,
banking, telecommunications) for the in-depth
main study by assessing chatbot adoption rates
and user experiences across different sectors.

. Instrument: A short online questionnaire was
developed using Google Forms.

. Sampling: A convenience sample of 33

participants was used for this pilot phase.
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. Note: The results of this survey informed the
selection of the focal industry for Phases Two
and Three.

Phase Two: Customer Satisfaction Survey

(Quantitative)

. Objective: To measure and compare customer

satisfaction levels, perceived usefulness, ease
of use, and trust in chatbot-driven CRM versus
traditional CRM tools.

. Instrument: A structured questionnaire was
developed based on the constructs of the
Technology Acceptance Model (TAM) and
Social Information Processing (SIP) Theory. The
questionnaire used Likert scales and multiple-
choice questions. It was validated by a panel of
six academic experts.

. Sampling: A purposive sample of 200 Egyptian
consumers who had prior experience with both
Chatbot and traditional CRM service channels
was recruited.

. Data Collection: The survey was administered
online.

Phase Three: In-Depth Interviews (Qualitative)

. Objective: To gain expert insights into the
strategic, operational, and technical challenges
and opportunities of chatbot integration in the
Egyptian market.

. Instrument: A semi-structured interview protocol
was used, allowing for flexibility and probing
questions (see the provided protocol list).

. Sampling: A purposive sample of seven
professionals was selected, comprising two
groups:

. Marketing Experts (e.g., professors, marketing

managers) to discuss strategic and customer
experience perspectives.

) System Developers & IT Architects to discuss
technical integration, capabilities, and limitations.

. Data Collection: Interviews were conducted,
recorded with consent, and transcribed for
analysis.

The study targeted two distinct populations to provide a
holistic perspective from both consumers and industry
professionals.

http://dx.doi.org/10.21622/ILCC.2025.05.2.1760

3.3.1 Quantitative Study Population and Sampling

o Target Population: The population for the
quantitative strand consisted of Egyptian
consumers aged 18 and above who have had prior
experience with customer service interactions,
using either chatbot-based or traditional CRM
tools (e.g., call centers, live chat, email support)
within the Egyptian commercial sector.

. Sampling Technique and Justification: A non-
probability, purposive sampling technique was
employed. This method was selected to ensure
that all participants in the survey possessed the
specific characteristic critical to the study: direct
experience with both types of CRM channels.
Given the challenge of reaching this specific
segment through random sampling, purposive
sampling allowed for the efficient and targeted
recruitment of qualified respondents.

o Sample Size: The sample size for the survey
was 200 participants.

3.3.2 Qualitative Study Population and Sampling

o Target Population: The population for the
qualitative strand consisted of professionals with
expertise in the domains of marketing, CRM, and
Al system development in Egypt. This included
marketing experts (professors, consultants,
practitioners) and system  developers/IT
architects involved in building or integrating
chatbot solutions.

. Sampling Technique and Justification: A non-
probability, purposive sampling strategy was also
used for the qualitative component. The goal was
to select information-rich cases—individuals with
specialized knowledge and direct experience
relevant to the research problem. This technique
is standard in qualitative research for its ability to
yield deep, contextual insights from experts who
can speak to the phenomena under investigation.

) Sample Size: In-depth interviews were conducted
with seven professionals.

By combining data from these two distinct but
complementary samples, the research enabled a
holistic understanding of how chatbots reshape
customer service dynamics from both the user and the
provider perspectives.

After completing all interviews and surveys, the
collected data were carefully reviewed and analyzed.
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For the qualitative data, all interview recordings were
transcribed and examined using thematic analysis
to identify recurring ideas and patterns related to
efficiency, personalization, customer trust, and system
scalability. Coding was guided by the study’s theoretical
framework — the Technology Acceptance Model (TAM)
and Social Information Processing (SIP) Theory — to
ensure conceptual alignment.

For the quantitative data, responses from the
200 participants were statistically analyzed using
descriptive and inferential methods, including frequency
distributions, correlations, and comparative analysis
between Chatbot and traditional CRM interactions. This
enabled the identification of significant relationships
between variables such as satisfaction level, ease of
use, and perceived usefulness.

The results of both analyses were then integrated
and compared, allowing the researcher to triangulate
findings, validate insights, and draw comprehensive
conclusions on the adoption, satisfaction, and future
potential of chatbot systems in the Egyptian commercial
sector.

4.1.1 Field Study Results Analysis

This survey was distributed to 200 Egyptian
participants to assess their perceptions, experiences,
and satisfaction with Al-powered chatbots compared
to ftraditional customer relationship management
(CRM) tools. The goal was to understand how different
factors—such as age, education, and familiarity with
technology—influence satisfaction, trust, and adoption
of chatbots. The collected data provide insight into the
role of Al in shaping user experience and customer
engagement in the Egyptian market from both a
descriptive and analytical standpoint.

Table 1: Sample characteristics

Generation

Generation X (1965-1980) 19 9.5
Millennials (1981-1996) 49 245
Generation Z (1997-2012) 128 64

Generation Alpha 4 5

(2013—Present)

Male 59 29.5
Female 141 70.5
Educational Level

Secondary School 29 14.5
Diploma 21 10.5
Bachelor’s Degree 102 51
Master’s Degree or Higher 48 24
Lower Egypt (Cairo,

Alexandria, Delta) 172 86
Upper Egypt (Luxor,

Aswan, Minya) 15 7.5
Sinai Peninsula 8 4
Red Sea & Desert 5 25
Governorates

As shown in Table 1, the majority of respondents (64%)
belong to Generation Z, representing individuals native
to the digital age and familiar with technology-driven
platforms. Females made up 70.5% of the sample,
which may shape perceptions of chatbot communication
tone and responsiveness. Educationally, over 75%
of participants hold at least a bachelor’s degree,
highlighting a highly educated and digitally literate
audience, which correlates with more critical evaluation
of chatbot efficiency and empathy. Geographically, most
participants (86%) reside in Lower Egypt, particularly
urban and semi-urban areas with advanced digital
infrastructure, suggesting that exposure to Al tools like
chatbots is more frequent in these regions. Overall, this
demographic composition reflects a young, educated,
urban, and largely female audience—well-suited
for examining attitudes toward chatbot-based CRM
systems within Egypt’s evolving digital landscape.

Table 2: Probable reasons for switching from human
agents to chatbots

24/7 availability 61 30.5%
Faster responses 53 26.5%
Better personalization 51 25.5%
Never switch 35 17.5%

Total 200 100%
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The results in Table 2 reveal the factors that drive
respondents to switch from human agents to chatbots
when seeking customer support. The largest proportion
of participants (30.5%) cited 24/7 availability as a primary
reason, highlighting the growing expectation among
customers for round-the-clock access to services. This
preference underscores the competitive advantage that
chatbots offer, as they can provide continuous support
without the limitations of human working hours.

Table 3: Use of Customer Service Channels

Human agent

(phone/email) only 83 41.5
Chatbots only 28 14

Both (hybrid use) 89 445
Total 200 100

The channel preference data reveals a clear and
strategic consumer behavior: the majority (44.5%)
are practical hybrids, selectively using both chatbots and
human agents based on the situation. This supports the
core argument for integrated CRM systems. The low
percentage of “Chatbots only” users (14%) is a critical
finding. It indicates that full automation is still met with
uncertainty and that complete replacement of human
agents is not yet viable. This aligns with Van Pinxteren
(Pluymaekers and Lemmink, 2020), who found that
customers are hesitant to rely solely on chatbots due
to perceived limitations in handling complex issues.
Conversely, the 41.5% who use “Human agent only”
represent a significant segment resistant to automation,
likely valuing the assurance and empathy of human
interaction, as emphasized by (Adam, Wessel, and
Benlian 2021).

Table 4: Satisfaction with the speed of response

Chatbots 3.77 75.4%
Phone/Email with human 305 64.9%
agents

This result strongly confirms one of the most

consistently cited advantages of Al in customer service.
Chatbots’ superior performance in response speed
is a direct function of their 24/7 availability and ability
to handle multiple queries instantly, a finding that is
strongly supported by the literature (Ashfaq et al. 2020
and Thomaz et al. 2020). The significantly lower score
for human agents reflects the operational realities of
traditional call centers and email support, including
limited hours, long wait times, and queue systems, as
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noted by Kumar and Reinartz 2018).

This stark contrast underscores the uncontested
utilitarian value of chatbots. It provides a clear rationale
for their deployment as a first line of support to resolve
simple issues quickly, thereby improving key operational
metrics and meeting baseline consumer expectations
for immediacy in the digital age.

Table 5: Probable reasons for switching from human
agents to Chatbots

24/7 availability 61 30.5
Faster responses 53 26.5
Better personalization 51 25.5
Never switch 35 17.5

Table 5 offers a nuanced view of chatbot appeal. The
top two reasons—24/7 availability (30.5%) and faster
responses (26.5%)—are consistent with Table 6 and
reinforce the efficiency argument. However, the third
reason, “Better personalization” (25.5%), presents a
more complex and somewhat contradictory insight.
While our data in Table 4 showed that human agents
are overall perceived as more personalized, this result
suggests that for a substantial minority, chatbots can
deliver a different kind of personalization—one based
on data and consistency. A chatbot can instantly recall
a user’s entire purchase history and preferences,
which can be perceived as highly personalized. This
aligns with (Sands et al. 2020), who noted that Al-
driven personalization, based on data analytics, can
be very effective for product recommendations and
transactional consistency. However, it contrasts with
(Luo et al. 2022), who argue that personalization
without genuine empathy is insufficient for building
deep relational connections. The 17.5% who “Never
switch” further cement the existence of a segment for
whom the human touch is non-negotiable.

Table 6: Degree of trust in Chatbot responses compared to
human agents

Less trust in chatbots 136 68
Equal trust 59 29.5
More trust in chatbots 5 2.5

This is one of the most significant findings of the
study. The overwhelming majority (68%) express less
trust in chatbots, highlighting a critical barrier to the
adoption of fully automated customer service. This
finding strongly supports previous research by Van
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Pinxteren, Pluymaekers, and Lemmink 2020), who
identified a fundamental lack of trust in non-human
agents, particularly in situations involving sensitive
data, financial transactions, or complex problem-
solving. This “trust gap” can be explained by the Social
Information Processing (SIP) Theory. Human agents
provide a wealth of verbal and non-verbal cues (tone of
voice, empathy, reassurance) that build credibility and
trust. Chatbots, despite advances in Natural Language
Processing, largely lack this ability, making it difficult for
users to feel confident in their advice, especially when
an issue is ambiguous or high stakes. The mere 2.5%
who trust chatbots more may represent a highly tech-
savvy niche that values data-driven obijectivity over
emotional reassurance.

Table 7: Likelihood to recommend a brand after Chatbot

interaction
0-2 (Low likelihood) 63 31.5
3 (Neutral) 77 38.5
4-5 (High likelihood) 60 30
Total 200 100

Only 30% would recommend a brand based solely on
chatbot experience, confirming that efficiency alone
does not build loyalty or advocacy. This finding aligns
with the work of Roy and Naidoo 2021), who argued that
chatbots improve consistency and availability but often
fall short of building the emotional connections that foster
true loyalty and advocacy. A successful resolution via
Chatbot may be viewed as a utility, whereas a positive
interaction with an empathetic human agent is more
likely to be remembered and shared. This reinforces
the need to view chatbots as a tool for managing
volume and efficiency, while strategically using human
touchpoints to create memorable, loyalty-building
moments that directly impact a customer’s willingness
to advocate for the brand.

Table 8: Chatbots contribution to commercial operations

Automated 24/7 service 127 63.5
Personalized recommendations 107 53.5
Targeted marketing campaigns 86 43

Data-driven decision support 65 325
Dynamic pricing/promotion 54 27

Lead generation & qualification 53 26.5
Inventory/supply suggestions 51 25.5

Table 8 reveals a sophisticated understanding among
respondents of the strategic value of chatbots, extending

far beyond basic customer service. The results show
a clear hierarchy in how chatbots are perceived to
contribute to business operations. The top-ranked
contribution, Automated 24/7 service (63.5%), reaffirms
the core efficiency and scalability advantage identified
in Tables 4 and 6. This aligns with studies by Dwivedi
et al. (2019) and Hsu and Lin (2023), which highlight
operational cost reduction and constant availability
as primary drivers for business adoption. However,
the high ranking of Personalized recommendations
(53.5%) and Targeted marketing campaigns (43%) is
particularly significant. It indicates that both businesses
and consumers recognize chatbots as powerful tools
for one-to-one marketing and data-driven engagement.
This finding supports the work of Sands et al.
(2020), who emphasized the role of Al in delivering
personalized customer experiences at scale. Chatbots
are not just seen as problem-solvers but as proactive
engagement and sales channels, capable of guiding
users and executing marketing strategies directly within
a conversational interface. The recognition of backend
strategic functions—Data-driven decision support
(32.5%), Dynamic pricing (27%), Lead generation
(26.5%), and Inventory suggestions (25.5%)—points
to an emerging understanding of chatbots as integral
components of a holistic business intelligence system.
This aligns with, but also interestingly contradicts, some
of the previous literature. While scholars like Sun, Li,
and Yu (2022) discuss the theoretical potential of Al
for predictive analytics in CRM, this data suggests
that a portion of the market already perceives this as
a practical reality. However, the lower percentages
for these advanced functions also indicate that their
implementation and visibility are not yet as mature
or widespread as the more direct customer-facing
applications. This creates a gap between the theoretical
potential of chatbots as full-fledged business intelligence
tools and their current perceived role, highlighting an
area for future development and strategic focus for
companies.

4.1.2 Hypothesis Testing Results

H,: Chatbot CRM is perceived as more useful for
efficiency (faster responses, 24/7 availability) but
less rich in cues for complex issues, moderating
adoption by task type.

Table 9: Impact of Chatbot CRM on efficiency and task type

0.219 0.000

Significant at the level 0.01

The results indicate a significant positive relationship
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between the perception of Chatbot CRM and its
usefulness in enhancing operational efficiency. With
a correlation coefficient of r = 0.219 (p < 0.01), the
findings confirm that respondents perceive chatbots as
effective tools for faster responses and 24/7 availability.
This supports the efficiency-oriented advantage of Al-
driven systems.

However, the moderate correlation suggests that while
chatbots are valued for convenience, they are less
effective for complex or emotionally nuanced queries,
where users prefer human agents. These results
validate the task-specific nature of chatbot adoption,
encouraging businesses to apply chatbots for routine
inquiries and human support for complex or sensitive
interactions.

H,: Higher ease of use and personalization, hyper-
personal adaptation in chatbots jointly increase
satisfaction, especially for younger demographics.

Table 10: Impact of ease of use and personalization on
satisfaction

0.249
0.307

0.000
0.000

Ease of use
Personalization

Significant at the level 0.01

The findings show strong positive correlations between
both ease of use (r = 0.249) and personalization (r =
0.307) with overall satisfaction toward chatbot CRM
systems. This implies that customers experience
greater satisfaction when chatbots are user-friendly
and capable of providing personalized interactions.
The slightly stronger correlation for personalization
highlights its critical role in shaping user satisfaction,
especially among younger users who value customized
digital experiences. These results emphasize the
importance of hyper-personalization and intuitive design
in enhancing the perceived quality and acceptance of
Al-powered CRM solutions.

H,: Chatbot CRM’s cost-effectiveness and predictive
analytics boost retention, but human CRM retains
loyalty where perceived risk is high.

Table 11: Impact of Chatbot CRM'’s cost-effectiveness and
predictive analytics on retention and loyalty

0.342 0.000

Significant at the level 0.01
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The results demonstrate a significant positive
relationship between Chatbot CRM capabilities,
specifically cost-effectiveness and predictive analytics,
and customer retention (r = 0.342, p < 0.01). This
shows that Al-based CRM systems can enhance
loyalty and long-term engagement by offering efficient,
predictive, and proactive services. However, in high-
risk or emotionally sensitive scenarios, users still
prefer human CRM agents, emphasizing the continued
importance of human oversight in customer relationship
management. The results suggest that combining
Al automation with human empathy ensures higher
retention and sustained customer trust.

In-Depth Interviews Analysis

The qualitative part of this study explored professionals’
perspectives on the role of chatbot-based CRM
systems in improving marketing scalability, customer
satisfaction, and overall efficiency in the Egyptian
commercial sector. To achieve these, semi-structured
in-depth interviews were conducted with two main
professional groups:

1. Marketing Experts: professors, consultants, and
practitioners in digital marketing and CRM.

2. System Developers and IT Architects:
technical professionals responsible for chatbot
development, integration, and performance
optimization.

These interviews provided complementary insights into
both the strategic and technical dimensions of chatbot
adoption. Discussions followed a standardized guide to
ensure consistency across interviews, while allowing
participants to expand freely on key issues. The
findings are organized according to the primary themes
that emerged from the data analysis.

1) Strategic Role of Chatbots in Marketing and CRM

Marketing professionals emphasized that chatbots
have become an integral extension of digital marketing
strategies, particularly for commercial brands with
large online audiences. They highlighted that chatbots
enhance speed, availability, and scalability, offering
continuous support without increasing operational
costs. One marketing consultant noted that: “Chatbots
help brands stay available all the time. The ability to
respond instantly improves conversion and reflects well
on customer perception”.

However, experts agreed that chatbots should not
entirely replace human interaction. Many stated that
automation works best for routine, repetitive queries,
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while human agents remain essential for personalized,
high-empathy communication. This aligns with the
hybrid model that balances Al efficiency and human
emotional intelligence.

2) Technical
Challenges

Integration and System Design

Developers and IT professionals discussed the
technical complexity of integrating chatbot systems
within existing enterprise platforms. They identified key
challenges such as:

o Synchronizing chatbots with CRM databases and
marketing dashboards.

. Ensuring natural language understanding (NLU)
accuracy in Arabic.

o Maintaining data privacy and compliance with
company policies.

A system developer stated:

“Integration with CRM backend systems is often
underestimated. Without full synchronization, chatbots
can’t deliver accurate, personalized experiences.”

To address these challenges, developers recommended
modular system architecture, multilingual training
datasets, and continuous updates to improve chatbot
adaptability and contextual awareness.

3) Personalization and User Experience

Both marketing and IT experts highlighted
personalization as the key to customer satisfaction.
They explained that when chatbots tailor messages,
offers, or product recommendations to user behavior,
engagement and trust improve.

A marketing professor described this as: “Hyper-
personalization is what makes chatbots feel human.
It transforms them from mechanical responders into
brand communicators.”

Respondents also stressed that personalization requires
data-driven learning models capable of understanding
previous interactions, preferences, and emotional tone.
The experts agreed that personalization, combined
with intuitive interface design, significantly increases
customer retention and satisfaction.

4) Limitations and Human Oversight

While participants acknowledged the advantages of
chatbot efficiency, they also emphasized limitations—
notably the lack of emotional intelligence and contextual
sensitivity. Marketing professionals expressed concern

that overreliance on chatbots could diminish customer
trust in cases requiring empathy or judgment. A
marketing manager stated, “A chatbot can respond fast,
but it cannot sense frustration or tone. Some situations
still demand human presence.” Therefore, both groups
recommended the continued involvement of human
agents in high-risk or emotionally complex interactions
to safeguard brand reputation and ensure service
quality.

5) Future Vision and Recommendations

Experts converged on the idea that the future of CRM
lies in collaboration between Al and human agents
rather than replacement. They expect upcoming chatbot
systems to integrate voice-based interaction, predictive
analytics, and emotion recognition. Developers also
emphasized the importance of continuous data training
and ethical Al design to ensure transparency and
accountability.

A senior system architect summarized: “The next phase
of chatbot development will depend on data ethics and
adaptive Al. The more systems learn responsibly, the
more trustworthy they become.” This study examined the
adoption, efficiency, and impression of customers toward
chatbot-driven customer relationship management
(CRM) technology compared to traditional CRM tools
in Egypt’s business market. Utilizing a mixed-method
approach combining surveys and qualitative interviews,
the findings showed that chatbots significantly enhance
service speed, efficiency, and readiness, providing
a significant technological advantage in customer
automation. However, despite such operational benefits,
the respondents were concerned about chatbots’
emotional intelligence, contextual understanding, and
long-term reliability.

The results confirm that consumers can distinguish
between functional satisfaction, where the chatbots
excel, and emotional satisfaction, where human agents
still lead the way (Gelbrich, Hagel, and Orsingher 2021;
Luo et al. 2022). This differentiation becomes the basis
for the implementation of a hybrid CRM system that
combines Al-based systems for task-oriented efficiency
and human contact for more complex, empathy-centric
communication. Demographic differences also revealed
that younger users are more accommodating and
satisfied with chatbots, while the elderly users prefer
the old human touch (Hsu and Lin 2023). Lastly, the
study concludes that sustainable customer relationship
management in Egypt's business environment must
find a balance between technology and human touch
by applying technology and sympathy to achieve long-
term satisfaction and loyalty.
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RQ1: How effective are chatbot CRM systems
in improving efficiency compared to traditional
customer service tools?

The findings show that chatbots greatly enhance
efficiency, speed of responses, and round-the-clock
availability. Results show a strong correlation between
utilization of chatbots and perceived usefulness (r =
0.219, p < 0.01). Qualitative findings demonstrate that
marketing professionals view chatbots as unavoidable
for operational improvement. However, their use is
optimal for repetitive and time-specific jobs, not for
simple or context-specific questions.

RQ 2: What role do personalization and ease of
use play in shaping user satisfaction with chatbot
systems?

Personalization and usability were found to be strong
predictors of customers’ satisfaction. Statistical tests
proved exceptionally high positive correlations (r=0.249
for usability; r = 0.307 for personalization; p < 0.01).
Users like to be satisfied if chatbots can mirror their
unique needs, express them in simple language, and
offer context-specific suggestions. The findings from
interviews support the fact that personalization aligns
robotics with human-like responsiveness, particularly
with young and technology-savvy customers.

RQ3: To what extent do chatbots influence customer
trust and loyalty compared to human CRM agents?

Studies showed that chatbots generate transactional
satisfaction but have not yet developed long-term
trust and emotional connection with human agents.
Qualitative interview results showed that users
appreciate the spontaneity of chatbots but still want
human representatives for reassurance, empathy,
and resolution of issues. This is consistent with the
call for a complementary hybrid model where human
intervention is essential for relationship-based customer
management.

RQ4: Do demographic factors (such as age and
digital familiarity) affect chatbot adoption and
satisfaction?

Yes. Chatbot adoption is greatly affected by generation.
The older and younger segments vary in their usage
behavior with Al-driven conversation, with higher
comfort, trust, and satisfaction with younger users
(Millennials and Gen Z) and wanted old-school
customer service from the older customers based on
perceived human touch and reliability. This generation
difference requires chatbot deployment strategies to
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segment by audience, with emphasis on simplicity and
trust for the older customers and innovation for the
younger segments.

RQ5: How do cost-effectiveness and predictive
analytics influence customer retention in chatbot-
based CRM?

There is a high positive correlation between predictive
analytics efficiency and cost in chatbots and customer
retention. Chatbots’ ability to predict needs, provide
automated answers, and provide quick assistance is
viewed by customers as a driver of loyalty. Qualitative
evidence indicates customers still want the human touch
in high-stakes or emotionally charged contexts, money
complaints, or service failures, and the continued value
of emotional connection in long-term retention efforts.

RQ 6: What are the primary limitations of chatbot
CRM, and how can businesses address them?

The study identifies three key limitations: in emotional
intelligence, challenges in handling complex issues
or requests, and dependency on accurate system
integration. To address these, businesses should:

. Adopt hybrid CRM systems combining Al
efficiency with human empathy.

. Invest in advanced natural language processing
to enhance contextual understanding.

. Implement continuous feedback loops between
customer data and chatbot training.

These measures would ensure more adaptive,
emotionally aware, and customer-aligned Al systems in
future CRM operations.

The findings of this study provide a comprehensive
understanding of how Egyptian consumers perceive
and evaluate chatbot-based systems in comparison
with traditional CRM tools. The results indicate that
while chatbots offer substantial advantages in terms of
operational efficiency—particularly speed of response,
availability, and the ability to handle repetitive inquiries—
these benefits do not fully translate into higher levels
of overall satisfaction. Instead, consumer satisfaction
remains strongly influenced by emotional reassurance,
clarity of communication, and trust, which are more
closely associated with human-based CRM channels.
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The quantitative phase revealed that consumers
appreciate the convenience and immediacy of
chatbot interactions, especially younger users who
demonstrate higher levels of technological readiness.
However, limitations emerged when users encountered
complex, ambiguous, or emotionally sensitive issues.
These situations led to frustration and reliance on
human agents, highlighting the current limitations of
automated systems in addressing contextual nuance.
This aligns with existing literature suggesting that
while Al can streamline service delivery, it struggles
to replicate empathy and adaptive reasoning. The
qualitative insights further reinforced these patterns.
Experts emphasized that chatbots are most effective
when positioned as a first-line support tool rather
than a complete replacement for human interaction.
From a strategic perspective, organizations benefit
from reduced operational pressure and improved
resource distribution, yet risks arise when automation
is implemented without clear escalation pathways
or transparency regarding system limitations.
Additionally, developers stressed that personalization
and tone-of-voice alignment are crucial to increasing
acceptance, particularly in high-context cultures where
communication style carries significant meaning.

Overall, the findings suggest that the most effective
customer service model within the Egyptian context is a
hybrid approach that integrates chatbot efficiency with
human support. This model not only enhances service
delivery but also preserves emotional connection and
consumer trust. The study contributes to the broader
understanding of technology adoption by demonstrating
that satisfaction is not driven by functionality alone
but by the balance between automation and human
presence. Future improvements in natural language
processing, sentiment analysis, and adaptive learning
may gradually reduce the current gap, yet human-
centred design remains essential for successful
implementation.

This study compared consumer satisfaction with
Chatbot-based and traditional CRM tools within the
Egyptian market. The findings demonstrate that
chatbots deliver substantial efficiency advantages—
particularly in speed, availability, and handling routine
inquiries. However, traditional CRM continues to
outperform in empathy, trustbuilding, and managing
complex issues. These results emphasize the need
for a hybrid CRM approach that integrates Al-driven
automation with human support to balance operational
effectiveness and emotional engagement.

The study also reveals generational differences, with

younger consumers showing greater acceptance of
chatbots, while older users prefer human interaction.
Businesses seeking to enhance customer satisfaction
should therefore align service strategies with
demographic expectations and consider phased
integration of Al technologies.

While this study presents valuable findings regarding
the deployment and performance of chatbot-based
CRM systems, several limitations should be considered.
Firstly, the study was based on self-reports, which are
bound to be biased as individuals’ perceptions might
not be directly equal to their experiences or behaviors.
Second, while the sample size is sufficient for exploratory
analysis, it does not permit generalizability of results to
all Egyptian sectors and industries. Third, positioning
the research in the Egyptian business environment
will not capture differences in cultural or technological
readiness elsewhere. Lastly, the research design
was cross-sectional, compared at one point in time;
longitudinal studies in the future are recommended to
measure over time the shift in adoption of chatbots and
customer attitude.

Based on the study findings, several recommendations
are proposed to enhance the effectiveness, adoption,
and strategic use of Al-powered Chatbot CRM systems
within the Egyptian commercial sector. The results
highlight the importance of balancing technological
innovation with human interaction, ensuring that
efficiency does not come at the expense of trust and
customer satisfaction. These recommendations are
divided into theoretical and practical categories to guide
future research and industry applications.

5.4.1 Theoretical Recommendations
. Development of a Hybrid CRM Framework:

Future research should focus on developing an
integrated model that combines Al-driven automation
with human-centered communication. This framework
would link the principles of the Technology Acceptance
Model (TAM) with emotional intelligence and user
experience theories to address both rational and
affective components of customer satisfaction.

. Exploration of Emotional Al Capabilities:

Researchers should investigate the potential of emotion
recognition technologies and sentiment analysis within
chatbots to bridge the empathy gap. Understanding how
emotional cues can be embedded into chatbot dialogue
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may significantly improve trust and user engagement.
. Longitudinal and Cross-Sector Studies:

Future studies should expand beyond the commercial
sector and include financial, healthcare, and public
service industries, comparing how chatbot adoption
differs across sectors. Long-term research would
also help track changes in consumer acceptance and
satisfaction over time.

. Cultural and Demographic Factors:

Further investigation is needed into how cultural norms,
language, and generational differences shape user
trust and preferences toward chatbot communication.
Such research would refine chatbot design to better suit
Egyptian users’ behavioral patterns and communication
expectations.

. Ethical and Data Governance Frameworks:

Researchers are encouraged to examine ethical
implications, including data privacy, transparency,
and accountability in chatbot operations. Establishing
clear guidelines for ethical Al deployment will ensure
responsible innovation in customer communication
systems.

5.4.2 Practical Recommendations

Based on empirical findings, several practical strategies
are proposed for businesses, marketing professionals,
and system developers to optimize chatbot performance
and customer satisfaction.

. Adopt a Hybrid Service Model:

Businesses should combine chatbot efficiency with
human empathy by clearly defining when Al handles
queries and when escalation to human support is
required. This ensures both speed and emotional
sensitivity in customer service.

. Enhance Personalization Capabilities:
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Companies should invest in data-driven personalization
to tailor chatbot interactions based on user preferences,
purchase history, and behavioral data. This will improve
engagement and create a sense of individualized
communication.

. Continuous System Training and Monitoring:

Chatbots should undergo regular updates and training
using real customer interactions to improve language
understanding, cultural adaptation, and response
relevance. Ongoing monitoring will help identify system
weaknesses and refine performance.

. User Education and Transparency:

Organizations must clearly inform customers when
they are interacting with a chatbot, while also providing
options for direct human contact. Transparency
enhances user trust and reduces frustration during
automated interactions.

. Data Security and Ethical Al Implementation:

Strong data protection measures should be maintained
to safeguard user privacy. Companies should implement
ethical Al policies ensuring that data collection, storage,
and processing comply with local and international
standards.

o Segment-Based Communication Strategies:

Businesses should adapt chatbot communication
styles to different age and customer segments—for
example, offering simplified interfaces for older users
and advanced interactive features for younger digital
consumers.

) Performance Evaluation Metrics:

Firms should regularly assess chatbot effectiveness
through Key Performance Indicators (KPIs) such as
customer satisfaction scores, resolution rates, response
times, and escalation frequency, ensuring measurable
improvement in service delivery.
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